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and visualization of academic data
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Abstract: With the continuous development of the Internet of things, the concept of “things” has also expanded to aca-
demic data. Due to the massiveness of IoT node and the complexity of node relationships, it is difficult for users to obtain
further analysis of the required information directly from these interconnected academic data. As an academic search sys-
tem, in order to help users obtain comprehensive academic information, personalized inquiry and real-time results gener-
ation services were provided to users by AceMap through the self-developed AceKG academic knowledge map. At the
same time, AceMap presents the relationship between academic data visually in the form of academic maps (such as pa-
per maps, author maps, etc.), and users are helped to get the information they need efficiently.
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